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Pestome: IIpensioxeH nmonxon K aHaIu3y OaHHBIX siieKkTposHnedasnorpadun (OO Ha
OCHOBE MHOI'03aJaqHOr0 OOyUeHUs! MCKYCCTBEHHBIX INIyOMHHBIX HEMPOHHBIX ceTeil. IlaH-
HBII IONXOI N03BOJIAeT 3(PEKTUBHO aHAIN3UPOBATE HEOTHOPONHBIEC HAOOPHI JaHHBIX, UC-
TOJNTB3Ysl €OUHYIO HeHPOCEeTEeBYIO apXUTEKTypy HJIs pelleHus Habopa B3alMOCBSI3aHHBIX
3aa4.

Kamouesvle caosa: MHOrozanaqHoe obyueHne, HeliponH(pOpMaTUKa, dJIEKTPOsHIEeDa-
norpadus.

Pa6ora Brmmonuena npu ¢unancoBoit mommepxkke PDPDPU, mpoexTtsr 18-07-01434,
18-29-22096.
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Abstract: An approach to the analysis of electroencephalography data based on deep
multi-task learning is proposed. This approach allows efficient analysis of heterogeneous
datasets using a single neural network architecture to solve a set of interrelated tasks.
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